Linearni regrese

linearni-regrese.py

1. V Pythonu provedte linearni regresi zavislosti veli€iny y na x metodou nejmensich ¢tvercu.
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fit: y=ax+b
a=50+%0.3 50
b=-2+1 10
cov(a,b) = — 0.25 5 30
corr(a,b) = — 0.82 2
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fit polynomu v Pythonu metodou nejmensich &tvercd

model,V = np.polyfit(x, y,l W, COV= True
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hodnoty kovariancni stupen kovarianéni
nafitovanych matice polynomu vahy— matici
parametrd (a, b) Oj



Fit polynomu polyfit-sim.py

2. V Pythonu provedte polynomialni fit zavislosti veli€iny y na x metodou nejmensSich ¢tvercu.

simulace: > fit: Y =g+ ax + ayx?® + azx3 + axt
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fit polynomu v Pythonu metodou nejmensich &tvercd

model,V = np.polyfit(x, y,4 W, COV= True
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Nelinearni fit

sterbina.py

3. V Pythonu provedte polynomialni fit zavislosti veli¢iny y na x metodou nejmensich &tvercu.
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sinc(x) = poloha hlavniho

maxima

def func(x,d,x0):
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return (np.sinc(d*np.pi/lmbd*np.sin (x-x0))**2)

nelinearni fit v Pythonu metodou nejmensich Etvercu

par,V = curve fit (func,x,y,p0=[d0,x00]
hodnoty kovarian¢ni modelova

nafitovanych matice funkce

parametru (d, o) parametr(i

,bounds=([0,-0.5], [5000,0.5]))
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lr-exy.opju

Linearni regrese — chyby obou promennych

4. V Originu provedte linearni regresi zavislosti veliiny y na x metodou nejmensich ¢tvercu.
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Linearni regrese — chyby obou promennych lr-exy.py

4. V Pythonu provedte linearni regresi zavislosti veliCiny y na x metodou nejmensich ¢tvercu.
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Linearni regrese linfit.m

5. V Matlabu provedte linearni regresi zavislosti veli€iny y na x metodou nejmensich ¢tverca.
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Fit polynomu polyfit.m

6. V Matlabu polynomialni fit zavislosti veli€iny y na x metodou nejmensich ¢tvercu.
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